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Abstract Support vector machine (SVM), proposed by Vapnik based on statistical learning theory (SL.T), is a novel
machine Jearning method which has been applied to many application fields successfully. But there are two kinds of
problems to be solved in such field, one is the multi-class classification problem, and the other is the sensitivity to the
noisy data. In order to overcome these difficulties, a novel method of fuzzy compensation multi-class support vector
machine is proposed in this paper, which is named as FC-SVM in the present paper. This method imports a fuzzy com-
pensation function to the penalty in the straightly construction multi-class SVM classification problem proposed by
Weston and Watkins, Aiming at the dual affects to classification results by each input data, this method has punish i-
tem be fuzzy, compensates weight to classification, reconstructs the optimization problem and its restrictions, recon-
structs Langrage formula, and presents the theories deduction, This method is applied to the credit evaluating system
of personal loan. The experiment presents this method is feasible,
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1 0, 85 0.93 0. 80 0. 87 0.74 0. 83
2 0. 90 0, 94 0,82 0, 90 0. 76 0. 84
3 0. 84 0.91 0.79 0.83 0.72 0.81
4 0, 89 0. 90 0. 82 0. 86 0.75 0. 82
5 0. 85 0.92 0. 78 0,82 0. 74 0. 83
6 0. 80 0.91 0.76 0.86 0,72 0, 82
7 0. 82 0.93 0,77 0.83 0.76 0. 83
8 0, 85 0. 94 0.79 0. 83 0.71 0.79
9 0.91 0.91 0. 81 0. 85 0.7 0. 82
10 0. 86 0.93 0. 83 0.86 0.75 0. 82

¥ 0.857 0,922 0,797 0.85 0.74 0.822
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