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Density Estimation over Data Stream

NIE Guo-liang [.U Zheng-Ding
(School of Computer Science and Technology, Huazhong University of Science and Technology, Wuhan 430074)

Abstract Density estimation over data stream plays an important role in many data stream’s decision support systems.
Considers the importance of the recent data, and adopts kernel method, proposes an algorithm for density estimation o-
ver data stream. Using memory as little as possible, this algortthm divides data stream into sub-windows, and store a
little information for each sub-window. By integrating information of sub-windows, this algorithm can estimate the

density of data stream timely. Theory and experiments prove that the algorithm is accurate and effective for density es-

timation over data stream,
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