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Fast Image Segmentation Method Based on Image Complexity through Curve Fitting

WANG Hai-feng ZHANG Yi JIANG Yi-feng
(Information Center, Jiangsu University of Technology,Changzhou,Jiangsu 213001, China)
Abstract The classical Otsu algorithm, maximum entropy algorithm,and minimum cross entropy algorithm have poor
segmentation image effect when image signal noise ratio (SNR) is low. The paper proposed a kind of image segmenta-
tion method based on image background and target object complexity from the perspective of the image complexity,
greatly reducing redundancy with the curve fitting method and improving the real-time performance and stability of the
algorithm. According to the experiment results,compared with the classical algorithm, the fast segmentation algorithm

proposed in the paper has high operation speed.stability and reliability,and can effectively solve dissatisfactory image

segmentation effect when image SNR is low.
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Fig. 1 Lena grayscale image and image complexity

segmentation curve
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Table 1 Comparison results of standard Lena
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Fig. 3 Comparison of segmentation results of several algorithms
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Table 3 Experimental results of threshold deviation
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Fig.4 Segmentation results of Gauss noise
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