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A New Algorithm of Pattern Unification
WANG Shu-Xi ZHAO Xing-Qiu LIU Rui-Lin  HUANG Jian-Qing

(Information Academy of the University of Interational Business and Economics, Beijing 100029)

Abstract Traditional pattrn unification algorithm adopts the recursive method, which time complexity is exponential.
Traditional pattern unification algorithm consumes so much system resourch that the system is easy to breakdown. To

solve the problem, this paper proposes a new pattern unification algorithm, which time complexity is linear. Experiment

result indicates that the new algorithm can successfully solve the recursive problem which exists in customary algo-

rithm,
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