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Research of Distributed IP Fragmentation Processing

GUOQO Fang-Fang YANG Yong-Tian
(School of Computer Science and Technology, Harbin Engineering University, Harbin 150001)

Abstract The traditional IP fragmentation processing technology is only suitable for the single checkpoint network. A-
long with distributed network application rapid development, this traditional TCP/IP protocol foundation technology
cannot adapt to the new circumstance, Even it brings the hindrance to the promotion and the application of network
new technology. Under the distributed HASH function, a solution is put forward that multi nodes coordinate to deal
with IP fragmentation problem in the distributed circumstance, It gives the IP fragmentation a certain HASH function
value and processes it by the corresponding checkpoint. In addition, it uses puckering-XOR algorithm to enhance the
computing speed of the HASH function. And it used head-inserting linked list algorithm to increase the solving colli-
sion efficiency of the HASH function. The simulation experiment indicates that this algorithm can apply in the distribu-
ted network environment and has the good network adaptability and stability.
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