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Strategy of Structuring and Learning Based on Multi-Input and Single Output Functional Network

CUI Ming-Yi ZHANG Xin-Xiang SU Bai-Yun ZHANG Rui
(Dept, of Computer Science, Henan University of Finance &. Economics, Zhengzhou 450002)

Abstract Functional network is new network model. It is similar to artificial neural network and is network expression
of functional equation. In this paper, a multi-input and single output FN were presented for solving problems in struc-
turing and learning of complex FN. Through the model was analyzed, a new simplifying and learning method was put
forward by it. The simulating experiment was done by it. The result indicates that running of the model is reliable, It

is applied to engineering availably and feasibly.
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