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Abstract In this paper, a knowledge discovery model based on data extractor is proposed. According to this model, the
process of knowledge discovery is divided into four stages: data preprocessing, data extraction, data mining and result
analysis, This model, standard SQL is used to construct data extractor to prepare data for different learning algo-
rithms, to reduce the number of times to invoke the database for the data mining algorithm, to avoid direct access to the
data in large database and to make it possible to do rapid data mining to large database. By using this model, data dis-
covery process has been sped up, efficiency of data mining has been promoted, and knowledge discovery for large data-

base has been realized. Finally, we design the SQI.-C4. 5 algorithm, which realizes extracting necessary statistical data

for decision-tree algorithm C4. 5 and realizes construction of decision tree of algorithm C4. 5.

Keywords Knowledge discovery,Data mining,Decision trees, Classification

1 5l%

HMREIM SRR EEN— TS RENBIESRE L
HEEENEE, O BEEARBIZIEE L R EE ek
WHGEEDY . FZ KA T MALEE R BB X
REWEATATEMARERES  FIILT H e %, Bk, %
R B AT R AR R R T R S AR R IR SR =
DT BB AEE () IR AR E B B A 1T 8
RS A 55 (a0 Oracle) FEE AURIRE ; (b) 11580 B 42 5 AW B
HMBIEGENTTREE. BREREYRUBHEENE
PO TTREN R R R R RN, KRS BRAT BB
ERAEGRESAN FFREREEREEANE S, MFE
b BE R ATE G B9 R AE W KRB L, RS CPU j
MNFE ST TR KBRS, v 51248 A0 58 445 15 4 ke b
% H X B KA EEER AN BB EREENHE
BHITRERESAMELM.

FHb BRI R RV A BR E AN UESE
EREN WERALEN, FENRIEESHEEEER T
SEROHE AR R AE X (8 S B T B B L S AT A Y A R
AT ASTEREETHESBEERSHIUTIR, I

BORE—MESRIR R L 7EI%HE 22 B B4 124 Bk mT LU 5 2
Pz 7 A DBMS i) B 5 0 75 B BT R Z I SHE,
B HEE T LEB— M IR B & 0 18T DBMS 4b 3
KB R RS BT MG THE, TR AU H 540 i
FPREHRAE . BOREAT RURK IS R 2 48 O A 8] o

2 ETHEHENSRHMNIAZALERY

FEFZ 3D SR U B B2 AR P B AR
[E1E) . O T 5L AT 18] » 3 07T B8 o 25 A4 TR AL B Y
BAI, LI B E R B T A . TR b B
FIEW BRI AR MR R G N A AR (R AR BRI » 2
ANLEH) . HIL, BATER RS S, SR Mk
] D i B B RS M DBMS Hh ] s 8 B B B E 4t
{6, TIARNZ B B B4 BRI T 4R A o SR T AR 4
FEHRRTIE] . R R RS AT LU X AR R B B B B R B
¥ BERA R H B BURE N EERAE R ST HECE.

BT EH BT DR AT 9RO B E X
TH—MEEO . B MERZE ORI BEET LA
TR RS S R SRR AT RS R B R TR 2 > B s W] R ] —
BRI AT AR RE NS WL Hin% S, BAHP

RER L4 RBIBER B0, FEMR 70 SRS SRR AR HER S A TEE RBE §L 88 LW, EWRE Y

fl BAEEROR (CIMS, A TH e EAPIHE.
+ 128 -


http://www.cqvip.com

AT L 2 A SCRO R A B 7 2 2 ST 55 B K BBy AT
IR R X R TS T B P B~
BHRMER. X - R REEBAHEAHPNES
R B — 7l T4 T B L ) B A B Y R
B AR TSI ERE., ET LR%E ARM T I
P 1 Fi 7R 9 5008 s B 2R 1) KDD &R,

AL BB R (R A5 2

(D) KRR BREA B N 4 B B ER K
FERE B B R |

(2) 3 o b o B $ECHE 42 i B S UBURCE , W 24 TSR
Pt fi]

(3) &F XA [l i) B AT LA b BB R 0 03RS o 4 B 1 X
PR E E AR, R SR AR,

AR R I AR 4 4 B .

Data Pretreatment

l Data Extract

[ Adjust

I Data Mining |¢——

Result Analyse

B

BT BT BRI A K Blad A A

T RO B AR A0 IR LA PR FE S AL T R 2
WEELRRE X — 50 A TRt R E L T 7 3%
W SEPRR IR R —MAE I,

B TR IO AT LA 0] R RO e BRSE 2R L B AT AR
F ) — Bk B M0 A B SR e T LR R AS T R0 22 (T 1 4%
PEAMIREE R . BRARBUR A AR BB 54, ATt vT LR
MEEMARLSUGHITIKE. B, RS A R
A W38 R A3 A ] B0 2008 125 400 80 1 ok 0008 P A
RGHEK,

3 HIEHMERAE

OIS | BB 32 08 Bk A DBMS B8 0, RS
PR AR H N DBMS 3 8088 B AT AR T R A
AEHVEE . X B B R AR Y — E X

Extractorl GROUPI(A,§,DB) AS

SELECT A, f(*)

FROM DB

WHERE &

GROUP BY A

X8, GROUP(A,§,DB ) EZFE AR —4 count by group
. ANEHSIR. & & WHERE i) {44, DB %77
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Extractor2 GROUP2(A,a,5,DB) AS

SELECT A, f( %)

FROM DB

WHERE &

GROUP BY A

GROUP BY a
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Input: A data set D
Qutput: A decision tree; T
Function GrowTree(D)

Initialize T and put all attribute in the root
If stopping criteria(D) =TRUE
return a leaf;
Else
For each attribute A
chooseBestTest(A)
For each partition of examples based on chosen attribute values
generate a subtree T; =GrowTree (D)
Return T
/ * containing a decision node based on chosen attributeand de-
scendants Tree % /
postprune()
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AlLgorithm SQIL.- C4. 5
Input: A data set D
Output: A decision tree; T
Function GrowTree(D)

Initialize T and put all attribute in the root For every node
GROUPI(C, &)
If stopping criteria(1)) =TRUE
return a leaf;
Else
For each attribute X
GROUP1({X,C},8,DB)
)

Function Grx(count( * ))

ChooseBestTest=max(GRX)

For each partition of examples based on chosen attribute values

generate a subtree Ti=GrowTree (D))

Return Tree

/ * containing a decision node based on chosen attributeand descend-
ants Tree » /

For each node of subtree

GROUPI(C, 3
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