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Abstract In this paper, a method based on tabu search (TS) is proposed for constructing fuzzy neural network auto-
matically. TS is used to search the minimal and optimal structure of fuzzy neural network, after which least squares and
gradient descend method are combined to adjust the parameters of the network. A simulation for a nonlinear function
approximation is presented and the experimental results show that the proposed algorithm can generate a more compact
structure with a lower average percentage error.
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# 1 & FNNTS 45 5| A8 #0470
BN M RSN HsH
x y z
1 A (3. 816,2.742)* A (2.781,—4. 245) A (2.510,—4.532) t=15. 64x+29. 1y—10. 08z+24. 16
2 A (3. 816,2.742) A (1, 346,2. 686) A (1. 205,2. 385) t=4, 282x—0. 072y—0. 0762+ 8, 989
3 A (3. 337,5.522) A (2.781,—4. 245 A (1. 205,2. 385) t=0, 402x+1. 377y—0. 605z+42. 72
4 A (3. 337,5. 522) A (1, 346,2. 686) A (2.510,—4.532) t=—0, 644x—2. 041y—2. 452+99. 39
5 A (3.337,5.522) A (1, 346,2. 686) A (1. 205,2. 385) t=2. 29x—0, 5825y—0. 462z—9, 647
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