HHEYLEEE 2006Vol. 33Ne. 7

£ 000 http://www.cqvip.com|

ETR/NMREBTHBEXREZHRRHEE CRM I A

Mok WHRE
(EXRIT¥BRITENE &K 400050)

B E HBRAHSHEBABRATEPEARTETUAXEE P LA, R RGB Y P HR TR, RLEHRE, A
SO RABEXEERK-HEEEL xS, B T A F& KR %#$ L (Minimum Clustering Cell , & #&
MCO®EXRE X NBTHEEXAECRM YN SR, 2EEREAER—HETAH EALh HEE HHARREN
E2EAMT KN AREAEL2F AL T KA RBR XS KET LG E,

X@A HEREREKHMERE, AR, CRMEF AL RFH)

Study on a New Clustering Algorithm Based on Minimum Clustering Cell and its Application in CRM

ZHANG Guang-Jian HUANG Xian-Ying
(Chongging Institute of Technology, Chongging 400050)

Abstract The clustering technique of data mining can improve the relationship between enterprise and customers, fore-
cast the trend and behaviors to support people’s decision, optimize marketing policy. The advantages and disadvantages
of K-means and grid clustering algorithm are given first, then a new clustering algorithm based on Minimum Clustering
Cell (MCC) is presented and analyzed, which is proved to be correct, efficient and fast through application in CRM.
Keywords Data mining, Clustering, k-means clustering, Grid, CRM
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