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Abstract In order to overcome noise interference in training data set,an improved L classification and an algorithmic
model of Associative Classification Based on Generalized Closed Compact Rules( ACGCCR) are proposed. ACGCCR im-
proves tolerance factor setting method of generalized closed rules mining, providing an adaptive tolerance factor setting
method according to class distribution state. A new generalized closed class rules pruning technique is put forward to a-
void insufficient learning ability problem. ACGCCR classification rules have better compact storage performance, stron-
ger predictive accuracy and algorithmic robust capability.
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