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Abstract Web-site personalization has become a focus of research in recent years. People use various data mining
methodologies to analyze the contents and structures of Web-sites and their user’ behaviors, so as to establish user
models, provide personalized services and make the Web-site more competitive, Among many Web-site personalization
approaches, the user behaviors analysis based approach seems to be the most promising one. It is most used that cluster
the Web user access path for user behaviors analysis to find useful patterns, Clustered well is based on the good meas-

urement of Web user access path’s difference. Thus, bring forward a new method to measure the Web user access

path’s difference, The experiment has proved the correctness of the method.
Keywords Web usage mining, Web access path, Clustering, Personalization
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