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A Recognition Method of Attributes in Concept Lattices Based on Irreducible Elements
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Abstract Formal concept analysis is an effective mathematic tool for data mining and knowledge acquisition. Concept
lattice is a key issue of formal concept analysis, and characterizes the essential relation of objects and attributes. Based |
on the properties of irreducible elements in the extent and intent closure systems, this paper investigates the problem of
attribute classification in concept lattices and presents a recognition method of the characteristic of attributes. The
method proposed not only reveals the relationships between the irreducible elements and the characteristics of attrib-

utes, but also provides a new way for knowledge reduction.
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