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Abstract Combinational ambiguity disambiguation is one of the key issues in participle and it directly affects the accu-
racy of participle. In order to solve the impact problem of combinational ambiguity on the participle in Vietnamese,
combining the features of combinational words of Vietnamese, the paper proposed a Vietnamese combinational ambigui-
ty disambiguation method based on integrated Learning. This method first selects Vietnamese combination of polysemy
manually, constructs the Vietnamese combinational ambiguities library, matches Vietnamese and Vietnamese combina-
tional-word dictionary, and extracts Vietnamese combinational ambiguities, Secondly, by using three kinds of classifiers
to bring in Vietnamese word frequency features and context information, it constructs three class classifier degradation
model, and gets the results, Finally, it calculats the classifier weights through the threshold to determine the final classi-
fication of Vietnamese combination ambiguity. Experiments show that the proposed method has the accuracy of 83. 32%
and its accuracy improves 5. 81% compared with the single classifier.

Keywords Combinational-word dictionary, Combinational ambiguity disambiguation, Vietnamese, Integrated learning,
Weighted voting method
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Fig. 1 Framework of combination ambiguity disambiguation

in Vietnamese
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Table 2 Proportion of characteristics of each form

RAFXK AE HEELSR/Y
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12 5260 8.63
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31 1542 2.53
22 1273 2.09
Hf 847 1. 39
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Fig. 2 Flow chart of ambiguous field extraction method
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Fig. 3 Flow chart of multi-classifier weighted voting algorithm
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Table 3 Comparison of contribution to digestion model from
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1 2 3 4 5 AVE
SVM 76.3 77.3 75.7 77.2 75.8 76.5
CRF 77.8 77.3 78.2 75.2 79.3 77.6
ME 75.3 76.7 74. 6 74.8 73.7 75.0
WV 82.3 84.3 81. 6 83.9 85.3 83.2

M 4 PATLIE B R E KA I A s B
FUAT 45 A0 S 38 AV SR 0 , SR IR R A 3 SR R I T 4%
PSRRI FAME B /D T BB IR 2 TR R T
T B AN 4> St B, DRI P48 HH A AL B 5 A 1
SR A S BR A T IRASOTRAT SRR Ry 83. 2300,

SEEG 3 T LA B B S A A B AR K
FIFHEAT 00 = 2800 JE AN M 2 SR8 i T PR B T B, SR
ISt LS AN 5 A (WV RFNRFEEL 8, SV LR M
B,

5 IRLEEL S AL IR AR I/ Y
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