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Abstract In pattern recognition, the classification of high-dimensional and limited-sample data is not only a hotspot but
also a difficulty all the time, Because the number of training samples is very small, big bias will occur when pattern co-
variance matrixes are estimated by training sample covariance matrixes. It is also an important reason of wrong classifi-
cation. On the basis of explaining Fisherface method in detail, this paper proposes a Fisherface method with dynamic-
adjusting function (DA-Fisherface)., The method completes dynamic adjusting the sample covariance matrixes using
testing samples, reduces the bias caused by limited training samples, and optimizes the Fisher discriminant vectors. Fi-

nally, the experimental results on ORL face database indicate the purposed method gets a higher recognition ratio than

Fisherface.
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