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A New Algorithm Based on Matrix for Mining Association Rules

DING Yan-Hui WANG Hong-Guo GAO Ming GU Jian-Jun
(Information Management School of Shandong Normal University , Jinan 250014)

Abstract In this paper, the problem of discovering association rules between items in a large database of sales transac-

tions is discussed, and a novel algorithm ,BOM (Base On Matrix),is proposed. The Proposed algorithm is fundamen-

tally different from the known algorithm Apriori, Empirical evaluation shows that the algorithm outperforms the known

one for large databases,
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Stepl: Initializing the Matrix ; //¥iR{b5EM

Step2: k= PreProcess- Matrix(); //%34) ti4E BB 47 A Ab 3
Step3: Ly =GetLargeltemsets(k); //HEREMHE -k
Stepd: Answer=1L,; //i8 ESR% k-4
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A1 FEHIE R B AT LG 6 5T B4R

HEYHIERE
Tid Itemsets
100 ABD
200 ABC
300 ABCE
400 BCE
500 AB
600 AE
700 A
WA B
BB T100 | T200 | T300 | T400 [ T500 | T600 | T700
A 1 1 1 0 1 1 1
B 1 1 1 1 1 0 0
C 0 1 1 1 0 0 0
D 1 0 0 0 0 0 0
E 0 0 1 1 0 1 0
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REFTY
6) count+=Al#1 ][t 1 X ALiz J[21X - Al JL 2]
7) 1f(count> mmsupX|D|)then
8) =Py UP;,- *3//Piay P+ Pa SY 5 Dy 4
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9) =LiUcs
10) break s

1D end

12) end

13) end

14) return Ls;
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