5% 1Y i B O R % Vol. 45 No. 1
2018441 H COMPUTER SCIENCE Jan. 2018

CGFAIF A% QA $B 55 E 060024)!

BoRbhETHERNEELETIE

E=EE KEES B OB
(TRAEMEEEERAEELRE B HE 050024)°
CTRIFEASHE S BASERE 5 5 E 050024)°
(TR HEREERRERLRE 5 HE 050024

Fxg

H E BUARAMASHRERYAAELANSZ —, AT BIIANMERE R T, X T —FREHH,
B AT ABAI R LT HXF F AR, 04T T C M LR, LT B H TR 29 /L JF 8 7
THARABEMEHOHI MY X R At b, AT EREL R T H I MBMN B R Xk AL LR
BIET A ke A AOM

KREH WA, BEGE ., BTk R
HEESHES TP182 XHEkFRIRES A DOI 10, 11896/j. issn. 1002-137X, 2018, 01. 013

Rough Entropy Based Algorithm for Attribute Reduction in Concept Lattice
LI Mei-zheng”? LI Lei-jun®* MI Ju-sheng>* XIE Bin"?

(College of Information Technology, Hebei Normal University, Shijiazhuang 050024, China)?
(Hebei Key Laboratory of Network and Information Security, Shijiazhuang 050024, China)?
(College of Mathematics and Information Science, Hebei Normal University, Shijiazhuang 050024 ,China)?
(Hebei Key Laboratory of Computational Mathematics and Applications, Shijiazhuang 050024, China)*

Abstract  Attribute reduction is one of the crucial issues in the theory study of concept lattice, In this paper, rough en-
tropy was introduced to conduct a kind of attribute reduction. Firstly,rough entropy in a formal context was defined via
the whole set of all concept extents,and the properties of rough entropy were analyzed. Secondly,a rough entropy based
attribute reduction of a formal context was given,and the relationship between the rough entropy-based reduct and the
concept lattice-based reduct was revealed. Based on this, a heuristic algorithm based on the attribute significance was

proposed to compute a rough entropy-based reduct, and some numerical experiments were conducted to show the effi-

clency of the proposed methods.
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