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A New Method for Image Registration Based on Wavelet Multi-scale Product

GE Yong-Xin' YANG Dan’ ZHANG Xiao-Hong®
(College of Mathematics & Physics, Chongqing University, Chongging 400044)!
(School of Software Engineering, Chongqing University, Chongging 400044)2

Abstract Extracting features should have a good performance of robust and accuracy on approach for image registra- i
tion based on features, A new approach for image registration is proposed based on wavelet multi-scale product. The ;
proposed approach applies wavelet multi-scale product to extract edge image and a number of feature points having a :
good advantage of suppressing noise and highly location accuracy, at the same time the orientation of each feature point
is reserved. Then angle histogram is defined to obtain the rotation angle, Finally correlation of feature points or other
mettics are applied to determine matching pairs. Experiments demonstrates the accuracy, efficiency and robust of the

approach,
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