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Face Recognition under Different Expressions and Multi-views

LI Chun-Ming LI Yu-Shan ZHANG Da-Pu LIU Yang
(Institute of Electronic CAD, Xidian University, Xi’an 710071)

Abstract Face recognition under different expressions and multi-views is a difficult problem. A new algorithm for face
recognition under different expressions and multi-views is presented in this paper. Firstly, the 2D PCA algorithm is
used to compute the eigenvector space of the face, And then, the faces in the training set and testing set are projected to
this face space. Secondly,Bayes rule is used to design the classification designer, The advantages of simple computation
and quick speed of two-dimensional PCA and the high recognition rate of statistical classification are combined into the

new method. The experimental result shows that the method introduced in this paper has the advantages of simple com-

putation and high recognition rate under different expressions and multi-views.
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