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SVR Feature Selection Method Based on Least Square Estimate Discriminative Function

WANG Hao WANG Xing-Yu NIU Yu-Gang
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Abstract This paper develops a SVR feature selection method (LLS-FSM)based on least square-based estimate discrimi-
native function. The target function adopted in this method is more suitable for SVR, Moreover, by considering that
redundant feature is small in special experiment data, this work uses sequential backward selection method in the fea-
ture subset selection. The experiment results show that the proposed I.5-FSM has a better performance than the com-
mon dimension reduced methods, e. g. PCA and KPCA, in feature subset selection for SVR,
Keywords Support vector regression (SVR), Feature subset selection,.east square method
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