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Text Classification Based on Sentence-level Maximal Frequent Sequence

ZOU Jing FENG Jian-lin LI Qu WANG Yuan-Zhen
(Department of Computer Science, Huazhong University of Science and Technology, Wuhan 430074)

Abstract In this paper, we present a novel text classification method . It views a sentence as an association transac-
tion, and a paragraph as a sequence, then a document becomes a set of sequneces, We find maximal frequent sequences
from each training document to present it, so the training and classification speed can be improved greatly. The effec-
tiveness of this method has been demonstrated comparable to well-known alternatives and much better than current doc-

ument-level words association-based methods on the Reuters corpus.
Keywords Text classification, Sentence-level, Maximal sequence, Frequent sequence
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