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Research Progress in Spatiotemporal Aggregation Computation
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Abstract Spatiotemporal databases need to process vast amounts of data, In such cases, generating aggregate informa-

tion from the data set is more useful than individually analyzing every entry. In this paper, we study the most relevant

techniques for the evaluation of aggregate queries on spatial, temporal, and spatiotemporal data. The research progress

of spatio-temporal aggregation is summarized, The problems of current research are discussed and the future directions

are pointed out.
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