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Medical Data Similarity Algorithm Analysis Based on Relative-IDF
XIANG Lirhong ZHANG Ju SUN Qrlong ZHAO Xue-ling

(Chongging Institute of Green and Intelligent Technology, Chinese Academy of Sciences, Chongging 404100, China)
Abstract Medical data similarity caleulation plays an important role in drug information treatment. Traditional text
similarity measurement in the field of medicine and can’t get good results, Particularity for the pharmaceutical data text
proposed based on Relative-IDF similarity caleulation algorithm of medical data, Experimental results show that com-
pared to traditional TF-IDF, edit distance calculation method, based on Relative-IDF medical data similarity measure-

ment in efficiency and accuracy has been greatly improved.
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