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Abstract Firstly.studied the theory of web crawler and cpen platform Sina microblogeing s designed Sina microblogging

special reptile.access to research data, Secondly.got indicators of important user nodes through experiments . proposed

Bayesian-PageRank algorithm screening important user nodes, and verified through experiment. Finally achieved internet

public opinion through the monitoring of important user node, and gave the relevant public opinion guidance strategy.,

Keywords Micro-blog social network, Private network crawler, Important user node screening, Public opinion guiding

1 58/

MEHERMERMBEAREAPNER HANMLES
RHLEREMAT —EMEH EFEOMERAHR
ROV BEATH.  BEAATEANNEELNERE
BREUMIER FANMEHSMERESAAT A HE
ERBTEHMNEN SIS HE—SRELRENS 2
EENRE N AT BNEAMIMBHENEGE
ERPATANREUEASRENET RS EOTROLTE
SHE BN EHAERERLEEEE & 30E T R
WEmeh FHRSEHEENREEENE BEXRE
SIEER AT ABEET R E A W_p, Rk 5
BEMAATA GIERM LAY EIEISNERER HEY
W% 2 R — R

o ERSMEXHR

BEREASNEENMEBEEHSNEEEZERARATRARIE
MR AHEAARMERPITHER MEEZRPTARIE

. WMERAPITHERX

SAEASNEERESWMHEETHERAARITHAELXS
EEEBNXR Ky, .TERAPNERMNEE SRS
BESEEBENIREREY ving Cha FAAMERESEERN
EE MESHPHBREEE BERAESFITARNTHEH
KIE2s) Tang FEEMR D, HIME AAEREEN

LREEAPATHRSE x, SR Twiner LERE
WARZRWMARTANBEREERPXE FEERAURRE
FEG | avire SN AP LB ELLFE R A Z I
Kilsr

LR RMMERATAENRTT 4 B RS
HEMEPNEZAPRPTRNHRIENEMSBHEBERASIEH
REBEN

SAEEEAPRIE

Brown ¥ & T K-shell 7 BIEHEZER PRSI FiEm
Wang FIRH—HAATSHNEZER A FEE .Heide-
mann ¥ & & PageRankﬁiﬁE centrality FaRAEREY ,
Zhang BETBASESTRTHITHERAEE 00 11,
berg FATMBHEE HEESEELRRANAPEE
Py

LEAREAERASTREHERNEFEBEES R
® EBEERSHE LEANENBHEMNSEERMNIE
MY REEE SN FEEERSORN

3 FRWEBEARHIRITSEH

AXEAHRARTS RASFFRMEEE Ful
MR G SRIBHE BT RAFRUEESARERE
HRGRERGERTBAERE B R SRES
s HRMEBSBLERRAR— p MEAEDEE
& EHFRTEARR—HASINOESRH HEHe

ﬁiﬁ“gﬁﬁ_ y, =] _Hi_ﬁlﬁﬂ_ E%HFEE:&‘FJ?&I#ﬂiﬁ'—i{#ﬁiﬁﬁ‘ﬂ_Em“131225%15@:[% tﬂm;?ﬁﬁgnggg_ }_'ﬂ'_’mi_ EFEMAAM
AURASREEER £l wwkb03@sina, com(BIREE) il 195, B ML EXHARTAAHTARARA

o A40) .



DHAHE FYRDNBRAFELE RASIRBREKE
@ %F— p it ERiE RASEBRARAMBFREEA
— 52 P B0 377 180 0 PR 1o
31 HRRIEEHHEOTERS %

AR pyihon BERHTRAMLME BEFEDH R
B A SER 1057 . WIEA AR E T R RIS
HEHNERRR B R R WSS AR %
RAGRIEHENEENS T2 EM0E MR A E L
ARAMBERT ME | Fix

Wi

Bli A BCDEARMBHETMART R E&ER
PHRARTHARPRZENXR INAERTEZAFAH L 2
HHERTZAPHXE RHERFRMESHE—BRE
AERAMFEE XLEH . FREEMBHLISN
Fpfit XENXR MEEWESEEEX FHHXAS
=ilH HPHPpRERME | A5

£, BpEGH
= Al
Fe FHA FHEED 5% & &=iE
1 UID Varchar & UID
2 Nickname Varchar & UE #R
3 Fanscount Int & ¥ &L &
4 Followeount Tnt & RiEH
5 Profilecount Tnt & & R
i3 URL Varchar & APPSR
7 Followlist XML = FREEVR
8 Fanslist XMIL. = ¥ 22 5| 3=
9 Sex Varchar & i35
10 Registime Datetime & Rl 18 i A B ]
11 Location Varchar = P £ 1
12 Certifmark Varchar & WAE RS
13 Authentictype Varchar & WA E 2 2
14 Concerncount Int & EE#E

3.0 FORMIEHEBBEORDS &M
MEERRER T RARE | FHRAS A ALAHM
MIBHIE 50000 % AXRASENHFHMEE S
HEURERBOELH RSN Hd BHEEAREY
TRAHAMEEZANBE #E pNERE pEAT
WEEEMEHME A AR 0%, Fidl

#, WBEHERGEN
Z25H

B FHRSA FEHRED L & =it

1 I Varchar = HE D
2 UserID Varchar & EZWE D
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