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In BP algorithim, the error fumction, wich can not express the error of the
sample-learning effectively, reduces the offectiveness of the a{]garithm. This
baper presents a new ciror function, which is in the form of the relative enor,
The computer simnlation results show that the new error {unction can help to

redhce‘ the relative emor of the sample-leaming,
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