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Digital Fusion Image Quality Objective Assessment Method Based on Visual Information Fidelity
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Abstract Objective quality assessment of fusion image is of fundamental necessary in realtime digital image fusion sys-
termt A fusion image quality objective assessment method based on visual information fidelity ( VIF) was proposed con-
sidering the assessment results of traditional objective assessment methods are disagree with the human subjective as-
sessment results, Assuming that the image sources meet Gaussian scale mixture model, regarding image fusion proces
sing as image signal distortion channel, and considering human visual noise characteristies, VIF digital image fusion ob-
jective quality assessment model was established.and an image fusion quality evaluation index—FVIF was derived also.
The experient indicated that the method can evaluate fusion image quality comprehensively and i1s better than other
methods, The results of FVIF method are consistent with the human subjective assessment results,
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