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neuron-oriented programming has been presented. The

concept of neuron-griented programming uniiies and develops the theory of neural networks and

object-oriented.
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COMNCURRENTCLASS NEURON
{PUBLIC,
float threshold,state s
struct ibput
iloar wy
int v
input ®= pextq

neuront--};

virtual float get—state{};

virtual float get~thre.hold()4

virtual float get—weightCinz v,

virtuel void update_threshold (iloat ¢)4
virtual void update_weightlneuron # ,lloat),
virtual void trensferd)
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NEURUN_DEF special_peuron: NEURON
{BEHAVIOR.,
virtual void transfer()
{NEURON. transferd );
if state> =0 state=1]
else state =0Q;
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NEURALNETWORK A
{OUTPUT LAYER NEURON s(3);
INPUT LAYER NEURON t(3),
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CONNECTION,
{LINK {s.t)3},4
BEHAVIOR,
{void learning( ==} {~+};
void print{}{--}3

}

h
NEURALNETWORK E
{OUTPFUT LAYER NEURON s;
INPUT LAYER NEURON t{2);
CONNECTION,
{LINK (satd) sty
BEHAVIOR,
{void learning (-3 {--}}
voud printd ) {--};
} }
'
NEURALNETWOREK C.{(A.B)
{OUTPUT LAYER NEURON py |
INPUT LAYER A.¢:,B.t;
CONNECTION,
{LINK (p. A. ey
LINK{(p.B.s)
}
BEHAVIOR
{void learning{-- }{A. learning (- Y1}y
/ #inherited from A #/
vaid print{)
{A. print ()
B. print{),
b
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NEURALNETWORK A
{OUTPUT LAYER NEURON s,
INPUT ILAYER MEURON 1{2);
CONNECTION:
{ LINEK(s.t)3)s
BEHAVIOR.
{

void learn(-r3 {13
\ ¥
1
NEURALNETWORK B
{OUTPUT LAYER NMEURON outy
LAYER A a(2),NEURON u(2);
INPUT LAYER NEURON in(4)
CONNECTION,
{LINK (out,u};
LINK (u,in);
LINK{out.a(0).5)3
LINK{out,all).s)s
LINK {a{0}. t{0).in{0} )y
LINK (a¢0>.t(1),in{1})
LINK {a(13.t4{0),in{2):
1L1NK {a(1).1{1},in(3));

BEI—?AVIOR:
ivoud learnt -}
I.a:(l])-In:m'n("');
atl). learn(-+r33
.‘1;
b
}I
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NEURALNETWORE A
{QUTPUT LAYER NEURON s,
INPUT LAYER NEURON t{2);
CONNECTION,
(LIMK (s,t) )y
BEHAVIOR,
1
void learning(---)
{BACKPROPAGATION{-- )}
0 ENER SR ESINE ./
NEURON wy,#p,®qg;
void reconfiguration 10}

p=NEW NEURON),
g=NEW NEURON,
y=NEW NEURON,
OUTPUT LAYER y
LAYER s;
INPUT LAYER g
LAYER p;
LINK{(y.p}:
LINK{p.t(1))}
LINK{p.q);
BACKPROPAGATION( -

, /o iﬁ#ﬂu*ﬂ#ﬁﬂm »/

J
void reconliguration 2()

{DELETE_LINK(pq):

DELETE q,

LINK(p,t{0})s

BACKPROPAGATIONC =)y

,; «EHET
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