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A Parallel Algunthm for Finding Large Ttemsets m Muluple level Association Rules
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dutabase of rransaction. In this paper we present a parallel algorithem ML TALA that is more effi-

ctent than existing parallel mulnple level association rule mining algonthms. First.the algorithm

# E Finding large temsets is a key problem for muming moltiple level assonation rules large
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scans an encoded transaction darabase once to find each large 1itemeer i all cnneept levels . then

uses the large [itemsers to hlter the database .o it can produce the thuruughly filtered transaction

database TA-

X®iE  Assoclation rule, Large itemset.Coocept hierarchy . Transaction database
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support{X JY)/support(X).
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(1) for all transaction t € T do

{ 2) for (i,=1;i<maxlevel:i++) do

{ 2 ) do support Litemset(i); /%t R EHMNAE

— AT HE
(4) forCi:=1,L[1,1]¢{} & and i< maxlevel;i+
=+ do

C5) get(L[L,10); 4/ 4 i E B R A S — M

{6) TA.=get filtered t table (T,L[1.. max level,
1 /AR ER 8, — e
T4 TA

73 for (k;=2;k<lmax length:k++ ) do

8) {for(i:=1;i<max level;i++) do

9)if L[i,k-1]{}& then

10) CK[i], =gen candidate set (L[i,k-11); /R &
B iR

{11) for each transeaction t € TA do

{1I2) for (i,;=1)i<<max.level;i++)do

(13) if L[i,k-1]¢? then

{14 {Ct[i); =gen subsets (Ck[i],t))

(15) for each candidate ¢ € Ct[i] do support++

A6) W/t FEHFHER s AAEFFHE

(17) for (i, =1)i<<maxlevel;i++) do

(18) if L[i,k-11¢} & then

(19) Lli,k]y={c|e € Ck and ¢. support} =minsup
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(20) else L[i,k]: =5,
(21}
(223 for (i, =1;i¢{maxlevel;i++) do
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g T LOL-1]hREATE Lk-1.g
FOLk-Ip#aree CkHERRTT,
insert into Ck[i] .
select p. itemy.p. itemyg, ==, p. itemy ) ,q. item—;

from L k-1. p,L.k-1.g

wh;m p. item; =q. item, p. itemy = q. itemz, <+, p

1temy—2 =4q- itemk z y Pr 1teMg—1 =qx 1lEME—]
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