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Abstract SIFT algorithm has good invariance in rotation, scaling the image , brightness change. ete. .and is widely used
in image matching, But the generation process of SIFT feature vector 1s complicated,and results in that the real-time of
the algorithms is not ideal. In the same time, there are still some matching mistakes in the matching result, affecting the
accuracy of the algorithm, Therefore. we improved the SIFT algorithm.and proposed to use the grid in the selection of
seed points to simplify the feature vector generation process,and used the orientation constraint of the key points to re-
ject matching points with directional differences. thus simplifying computation and improving the matching rate, Experi-
mental results show that the improved algorithm can maintain the basic stability of the original SIFT algorithm and im-
proves the speed of feature vectors described nearly doubled, Through orientation constraint of the key points, the false

match point with direction differences i1s rejected .and the matching rate is improved, greatly enhancing the accuracy of

the algorithm,
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