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Neural Network Based IPower PPrediction Strategy [or Multi-core Architecture

YUAN Jing-ling MIAO Xuvyang YANG Minrlong XIANG Yao

{ Department of Computer Science and Technology, Wuhan University of Technology, Wuhan 430070, China)
Abstract Multi/ many-core processor is a trend of computer development. In the design process of multrcore proces-
sor,how to find the design structure from a large design space to meet the conditions has become a eritical and challer-
ging task, In order to solve the high overhead and low efficiency problem of traditional software simulation technology,
this paper proposed a model based on neural network to predict the performance and power of multr-core processors, es—
tablished two kinds of BP and RBF neural network prediction models,used SESC simulator to simulate CPI and power,
and compared and analyzed the prediction accuracy and reality of two kinds of prediction models, Simulation results
show that the neural network prediction model average error is 1. 6 % ~6. 6% in control. Compared to general software

simulation method,it can also save time and improve efficiency. More importantly . RBF neural network prediction model

has better prediction accuracy,
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