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Improved RELM Based on Fish Swarm Optimization Algorithm and Cholesky
Decomposition for Gene Expression Data Classification
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Abstract The paper proposed an improved algorithm of regular extreme learning machine(FSC-RELM) based on fish
swarm optimization algorithm and Cholesky decomposition to apply in classification of gene expression data. Firstly, fish
swarm optimization algorithm is used to optimize the weights of input layer and the value of objective function is defined
as the reciprocal of error function, For improving the speed of the algorithm and reducing the training time, Cholesky
decomposition is used on RELM output layer weights matrix. The experiments on the standard genetic data sets show
that the FSC-RELM algorithm in a relatively short period of time can obtain higher classification accuracy and good per-
formance.
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