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Abstract

In this paper.a kind or funcuon link artifical neural networks is designed and & new hierar-

chical function hink artifical neural networks HFLANN is presented .and its universal approximate prop-
erty is disscussed.the universal learning algorithm s presented- HFLANN is very suitable for applica-
tion domains with huerarchical knowledge structures .and therefore.it has very important practical sig-

nificance.
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