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Abstract In this paper we introduce the Boosting Naive Bayeslan Learning. The Naive Bayesian classi-

fier provides a sumple approach to discrimmate classification learning that has demnnstrated competitive

predictive accuracy on many learmng tasks and it was broadly used in Data Mimng field. Boosting com-

bines the weak hypotheses such as Naive Bayesian by summing their probabilistic predirtions. On the re-

al world datasets, Boosting Naive Bayesian method has generalized perfect performance than the best

published result using any other learning method.
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