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Design and Implemention of Accessing Hybrid Database Systems Based on Middleware
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(School of Computer,South China Normal University, Guangzhou 510631, China)
Abstract In the big data era, with the explosive growth of informational data, traditional relational databases(SQL) and
emerging NoSQL databases are difficult to face these challenges in a comprehensive and efficient manner. Therefore, this
paper proposed MingleDB,a high-efficient middleware for incorporating both merits of traditional database and NoSQL
systems. MingleDB is transparent for the underlying hybrid database systems, namely SQL and NoSQL, without any
intrusive modifications on the original systems. MingleDB can detect the specific characteristic inside a user query, for
example, the data is either unstructured or structured. Then it puts this user query into the suitable procedure(SQL or
NoSQL) presented by MingleDB,and also provides a lightweight transaction processing framework which is implemen-
ted on demand to ensure the final consistency and completeness of hybrid database data. Extensive experiments were
conducted to test the effective of MingleDB. Furthermore, this paper used a realistic scenario to verify the advantage of

our work. The results are positive.
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