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Abstrack

I this paper, we propose a new algorithm to Jdiscover multidimensinnal asswciation rules

(MAR". Since the number of potential MARs tend to be extremely large. nuuiug MARSs poses more

challenges on ellicient processing than mining intra-dimensional assoclation rules. We tackle this prab-

lem by constructiug a FDPI-tree (frequent dimensionel predicate sets index tree)to combine data eube

tec huique with Aprion method ¢fficiently. Compared with previous approaches which cnly find the in-

ter-dimension associatious. the algorithm we presented here vxplores both inter-dimensiwon and hybrid-

dimmension assoclztions simultauecusly.
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