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Abstract

Markov network 1s an annther powerful tool besides Bayesian network which can be used to

do uncertain inference- A method of learning Markov network auntomaticly from mass data based on

boundary has been discussed 1o thus paper Taking advantage of an important conclusion 1n mformaunn

theory .we present an efficient boundary based Markov network les rning algarithm- Thus algarithm only

demands O (N?*) times Cl(conditional mdependence) test- We prowve if the joint probzability s strictly

positive ,then the found Markov network must be the minimal I_map of the sample.
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