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The Analysis and Research of Graphplan and It*s Descendants
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Abstract

Al Planmg and Scheduling ere a classical problem of Artificial Intelligene. It is a heghlight of

AT for it's significance mn many application domains. Recenctly .dramatic advances have been made tn

this {teld. In this paper.we introduce our study on Graphplan which 15 one of the best methods and tt's

descendent technalogys First.we will analyse Graphplan's algorithm and it's key for success.then

briefly introduce it’s descendants .at the end of the paper .we suggest areas {or future research.
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Drata Mining and Ensemble of Learning Methods
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Abstract

Data-mining 1s a kind of salution for solving the problem of information exploding. Classifica-

uon and prediction belong to the most fundamental tasks in data-muning field. Many experiments have

showed that the results of ensemble of learning methods are generally better than those of single learn-

ing methods under most of the time. In the sense .1t 15 of great value to introduce ensemble of learning

methods to data mining. This paper introduces data muung and ensemble of learning methods respec-

uvely along with the analysis and formualanon about the role ensemble of learning methods can act 1n

some important practicing aspects of data mining : Text mining »multi-media informauon muning and web

mining.

Keywords Data-mining,Classufication/prediction »Ensemble of learning methods
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