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Belief netwerkt BN) a5 a kiud of knowladge represeutaton based on the probabilistic theory .

has hecome the mam branch in the area of non-determimstic knowledge representation aud inference 1n

artificial intelligence (AT in this decade. BN 1s heing applied in many areas such as industry .mabitary.

medical treatment.commerce and sn oo ,and 15 representanive systems involve expert system, voice

rechgittion fault diagnosis in space crafts.causality nuning hased on probabilistic syntax.etc. This paper

intraduces the primary methods and the current problems in inference nf BN After the intreduction of

the courept.representaton and goal of inference of BN the paper summanzes the basic 1dea and prob-
lems in the principal algonthms of exact mference in BN, which include polyiree propagation algorithm .

cligue tree propagation algorithm,graph reduction algorithm. and combmaton and eptimization algo-

rithm.
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