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Eigenvector Subset Selection Using Bayesian Optimization Algorithm
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Abstract

Eigenvector subset selection is the key to face recognition. In this paper ,we propose ESS-BOA, a new

randomized, population-based evalutionary algorithm which deals with the Eigenvector Subset Selection (ESS )prob-
lem on face recognition application. In ESS-BOA ,the ESS problem, stated as a search problem ,uses the Bayesian

Optimization Algorithm (BOA) as searching engine and the distance degree as the object function to select eigenvec-

tor. Experimental results show that ESS-BOA outperforms the traditional the eigenface selection algorithm.
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