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Topic Detection in News Video and Audio
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Abstract

Topic Detection in News Video and Audio is to automatically detect snippets with a topic the user searches

for, in the news streams, including video,audio and broadcasting. It is a novel research scope rises along with the

rapid development of multimedia technology, automatic speech recognition and natural language processing. This tech-

nology detects the topic of the news in the semantic level and fits for most people’s retrieval need.
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