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Quick Attribute Reduct Algorithm on Neighborhood Rough Set Based on Block Set

LOU Chang LIU Zun-ren  GUO Gong-zhen
(College of Information Engineering, Qingdac University, Qingdao 266071, China)

Abstract Calculating each record’ s 8-neighborhood elements is the most frequent and complex step in neighborhood
rough set model. In this paper,we proposed the concept of the block sets according to the distribution of records in the
space, then proved that each record’s §-neighborhood elements can only be contained in its own block set and its adja-
cent block sets. Based on the block-set-neighborhood theory, we presented a quick attribute reduct algorithm on neigh-
borhood rough set, which can reduce the complexity of calculating each record’s §-neighborhood elements. Moreover,

the algorithm’s validity was verified by several data sets from UCIL Expermental results show that our algorithm is ef-

fective and feasible,
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