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Abstract

Frequent Pattern mining plays an essential role in data mining- Most of the previous studies adopt an Apri-

ori-like candidate set generation-and-test approach. However, candidate set generation is still costly, especially when

there exist prolific patterns and/or long patterns.

In this study, we introduce a novel frequent pattern growth (FP-growth)method, which is efficient and scalable

for mining both long and short frequent patterns without candidate generation. And build a new project frequent pat-

tern growth (PFP-tree)algorithm on this study. which not only heirs all the advantages in the FP-growth method,

but also avoids it’s bottleneck in database size dependence. So increase algorithm’s scalability efficiently.
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