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Abstract
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Most neural networks perform a passive learning procedure today. this means that neural networks have to

receive and learn all candidate exemplars, in the case of greatly redundant exemplars, the training processes of neural

networks are very time-consuming. An evolutionary active learning algorithm is presented for providing a solution to

the problem mentioned above in the paper. it allows neural networks to evolutionarily select each time a subset of rep-

resentative exemplars from which useful information is extracted and thus a useful piece of knowledge is accumulated

until some needs are met. Unlike previous active learning strategies, its learning is focused on a subset of interesting

exemplars (not an individual exemplar). Its distinct strength lies in using collective effect of a subset of exemplars re-

sulted from evolutionary scheme, thus has some superiority over other algorithms. Simulation results for two tests

indicate that our method can actively learn a concise set of exemplars representative of all available examples, in fact,

this is performing a kind of data compression, so training is greatly of speedup-
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