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In this paper,we present the source association rules generation algorithm which can reduce the number of

association rules ,and prove the several properties of association rules which are the base of our algorithm.
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Dfor(i=m;i<=2;i ++)Do

2)Begin

3)forall X€ Li Do

4) Begin

5) LX;={c€X};

6) prune—_Ix(Ht.LX,.X);

D forall c€LX; c. conf=58(X)/5(c);

8) Ci=1{c €LX,|c. confzmin—conf®{ };
9) forall ¢ €C,; Do

10) Begin

11 5 H BRI (- >X-c) 5

12) create—hash_table(Ht.c.X);
13) End

14) LX,=LX;-C;;
15) for (k=2;k<{i—1;k ++4) Do

16) Begin

17 LXx= prod—subset(LXx-—);

18) prune_Ix(Ht,LXk.X);

19 forall c€ LXk Do c. conf=5(X)/5(¢);
20) Ci={c €LXulc.confZmin_conf%};
21) Forall ¢ €Cy Do

22) Begin

23) 55 H LRI (c->X-¢);

24) create_hash_table(Ht.c,.X);

25) End

26) LXx= LXi-Cy;

27) End

28) End

29)End
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1forall e€LX Do

2)begin

3) addr=hash_func(c);

4) if search—hash—_table(addr.c.X) A H Do LX=LX—{c}
5)End
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