D000 http://iwww.cqvip.com|

AR 2002Vol. 29N2. 4

T = EST i Hr B S BRI Az AT ST

An Investigation of Association Rules Based on Spatial Statistical Analysis

BRR FHE BHRE

(RRAAFEREGEIE¥KR

Abstract

A, X 430079)

This paper leads spatial statistical analysis to data mining. Spatial autocorrelation can be used to analyze

spatial distribution feature of spatial data. G statistics can be used to analyze spatial association of spatial data. This
paper also analyzes population growth rate in 1982— 1990 and 1990—1998 in China. The spatial association of popula-
tion growth rate in two periods is studied with spatial statistics methods as well. In 1982— 1990, China is divided into
four regions: lower population growth rate in north sub-region. higher population growth rate in center and west
sub-region, lower population growth rate in center and east sub-region and higher population growth rate in south
sub-region. In 1990— 1998, China is divided into two regions: lower population growth rate in north sub-region and
higher population growth rate in south sub-region. All these results are according to the factor of China. From these
results we can see that spatial statistical analysis is an effective method of data mining.
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