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Techniques and Advances in Keyword Spotting
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Abstract

Keyword Spotting (KWS)or Keyword Recognition is to recognize a set of given keywords in continuous,

spontaneous speech. It is a very active branch of Speech Recognition. It differs from Continuous Speech Recognition

(CSR)in terms of research focus,implementation techniques and application background. So they are often regarded as

two different issues. This paper gives an overview of basic techniques and advances in recent years,including how to

combine the traits of Mandarin.
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TR NI R KD A H.7.32%.6. 43%.6. 03%. X [59]
GETEHAFEMHAS LXEFRNHIRFISFEK T 0%
=,

FHH P XRUTFHAM. A SHEZEAREEE . EES
B3 FEeE. [60]RE—HEBEHAHFAERBESL
BIMERTE.BNSABRE—AHFREE. XERENR.H
MBHEETIS X [47]%.

3.3 BHiERWHaRE

RKEBHETHAKBTERNER . FUREIE R
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