D000 http://iwww.cqvip.com|

LB 2002Vol. 29N¢. 9

ETFRESENAMNEL AR LT EZH

The Research on a Large-Scale Text Clustering Algorithm based on Clustering Features
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Abstract

43 100084)

Large-scale text processing becomes a great challenge as the fast growing of Internet and information ex-

plosion. Clustering is an effective method to solve this problem. An incremental algorithm called Mulit-Level CFK-

means methods for large-scale text clustering is presented in this ; 2per. More cluster information can be reserved and

utilized by using the clustering features (CF) structure in this algorithm. Clustering results can be achieved very fast in

one scan of the data. The computing and file exchange time of the algorithm is several times less than k-means algo-

rithm and the accuracy of the results is almost equal to k-means algorithm. The effectiveness of the algorithm is

proved by the contrastive experiment on Reuters text sets.
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