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The KDD of Characteristic Rules Based on Attribute Values Classification
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Abstract This paper presents a new classification technique of data mining and knowledge discovery in any scale rela-

tional database . it divides relational table into several equal value categorys based on attribute

Based on set theory .

values . calculates information capacity in decision factor of the every condition attribution . eliminates surplus attri-
butions, and erases repeat units. Then it gets strong equal value categorys of the relational table being reduced data ,
gets strong characteristics on the each strong equal value category, and gathers characteristic knowledge rules . It
overcomes the redundancy nature, complicated nature and unfit nature to big capacity data of some classification tech-

nique at present. It 1s better efficiency and widespread application perspective of the most large relational databases.

The discovery algorithm and an example are discussed in details.
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