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Abstract

We present in the paper a quick and efficient technique for mixed noise removal in images based on the peer

group filtering (PGF). This method first compute local energy of each image pixel . Center pixels whose "energy” ex-

ceeds the local threshold are replaced with the local marginal median. Other pixels come into operation of PGF. When

classifying the peer group of pixel,we directly take the neighbor pixels which lies in direction of minimum feature

changing as the peer group member instead of Fisher's linear discriminant .

The experiment results show that pro-

posed method which greatly improved speed of PGF .efficiently not only remove mixed Gaussian and impulse noise in

image ,but also preserve image edge information.
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