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The methods of building decision trees that have been developed all begin from training data sets. And then

they select the best attribute to split the data by their different criterion. At last a decision tree is got which can clas-

sify and predict. To be different to other methods.a new method of building decision trees is present in this paper. It

begins from training data set in which all data belong to one class. At last it gets a composite decision tree.
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