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The General Principles of Randomized Algorithms
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Abstract The last decade has witnessed a tremendous growth in the area of randomized algorithms. During this peri-

od, randomized algorithms went from being a tool in computational number theory to finding widespread application

in many types of algorithms. Two benefits of randomization have spearheaded this growth: simplicity and speed. For

many applications, a randomized algorithm is the simplest algorithm available, or the fastest, or both. A handful of

general principles lie at the heart of almost all randomized algorithms, despite the multitude of areas in which they

find application. We briefly survey these here in order to draw about the method of studying randomized algorithms.
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